depicts comparison statistics on the matched sample versus the treatment groups for each distance. Similarly, Table A2 depicts comparison statistics on the network-based group used as a control versus the treatment groups. The variable Total25 is used to control for Amazon's $25 shipping policy, capturing whether the sum of the price of the reviewed book and any of the books in the local network passes the $25 free shipping threshold; indegree captures the number of books directed to a focal book in the product network; local clustering measures the degree to which books in the product network tend to cluster together to create groups characterized by a their density of ties; same binding indicates whether a purchased book is of the same binding type (e.g., hardcover, paperback) as the reviewed book; sale price controls for the sales price of a purchased book; average rating captures the subjective evaluation of a book as reported by consumers; and sales rank measuring a book's demand relative to other products.
We use two programs for the collection of our data. The first collects graph information and the second collects Sales Rank information. Both use Amazon.com's XML data service. This service is part of the Amazon Web Services, which gives developers direct access to Amazon's platform and databases.
Graph Collection: The program that collects the graph starts at a popular book. It then traverses the co-purchase network using a depth-first search. Intuitively, in a depth-first search, one starts at the root (in our case, one popular book was chosen as a seed) and traverses the graph as far as possible along each branch before backtracking. At each page, the crawler gathers and records information for the book whose webpage it is on, as well as the co-purchase links on that page. The ASINs of the co-purchase links are entered into a last-in-first-out (LIFO) stack. If the algorithm finds it is on the page of a product that it has visited already, it "backtracks" and returns to the most recent product for which exploration was not exhausted. The program terminates when the entire connected component of the graph is collected.
For example, in the graph in Figure B1 , the nodes are numbered in the order in which the crawler traverses the graph. In this case, collection starts at node 1. Its co-purchase links are nodes 2, 6, and 7. Therefore, these numbers are added to a LIFO stack. The script will then proceed to node 2, whose co-purchases are nodes 3, 4, and 5, and thus, those numbers will be added to the LIFO stack, which will now include 3, 4, 5, 6, and 7. The script will continue to node 3. Since there are no co-purchase links to that node, it will move on to node 4. In the same way, the script will collect data on node 5, node 6 and node 7.
Since node 7 has co-purchase links to nodes 8 and 9 they will be added to the stack. After visiting nodes 8, 9, and 10, data collection will terminate. As can be seen, the script stops only after information about the entire connected component has been collected.
The collection of the entire connected component on Amazon.com takes between 4 and 5 hours. The script is run each day at midnight.
Sales Rank Collection:
A second program collects the demand information for all books on the graph at 3-hour intervals for the 24-hour period following the collection of the graph. This script collects the Sales Ranks of all the books that ever appeared in the graph. Therefore, it also tracks the sales of books that are no longer in the graph. Table C1 presents basic network statistics on each of the daily co-purchase graphs that were collected in the period of 2006-2008. Each daily product network consists of a daily average of 270K books and over 1.2M edges. The average density is very low (~1.45*10 -5 ) due to the truncation to 5 outgoing links per node 1 ; however, the fraction of reciprocal links in the network is very high (55% on average) and the average clustering coefficient is 0.39. These data are reasonable since the network represents co-purchased products.
The global structure of the network is relatively stable over time; we observe a relatively low standard deviation in network properties such as the average clustering coefficient, the average indegree and the fraction of reciprocal links. The degree distribution is stable across days and exhibits a power law shape (see Figure C1 for degree distribution and distribution of betweenness centrality on a sample daily network). 1 Since each node has up to five outgoing edges, the maximal theoretic network density (a proxy for the average level of activity in the network) is 
Event Networks
Each review event was cross-referenced with the corresponding network and sales data from Amazon.com and went through a series of manual and automatic cleaning procedures. Details on these procedures are available upon request.
These cleaning procedures resulted in a sample of 123 review events; for each event we extracted a subnetwork from the co-purchase graph starting from the reviewed book and up to a distance of 5 links away (the fifth network neighbor of the reviewed book). Following Deschatres and Sornette (2005), we manually classified the review events into two categories: (1) exogenous shocks and (2) endogenous and multiple shocks (see Figure C2 ). All econometric models were applied to the final sample of 83 exogenous shocks (40 from the Oprah Winfrey Show and 43 from The New York Times) and to a total of 19,669 books in their subnetworks. Table C2 presents basic network statistics on the subnetworks up to a distance of five links away (the fifth network neighbor of the reviewed book). The relatively high variance in the average clustering coefficient of these networks (as illustrated in Figure C3 ) shows that they are significantly different from each other, which may be reflected in the way exogenous shocks diffuse through the network. 
Appendix D Summary Statistics
Summary statistics for a selection of shock constructed variables are given in Table D . We also see that on average, only 19% of the neighbors up to a distance of four clicks belong to the same category as the reviewed book, and only 2% were written by the same author.
To measure category mixing we utilize Amazon's multi-level category tree (see Table D2 for an example and Table D3 for summary statistics).
Further exploration of the distribution of persistence across different groups of neighbors based on minimal distance from the reviewed book (see Figure D1 ) shows a considerable amount of variation across books. Defining category similarity is not a trivial task, since books belong to multiple categories at different levels of hierarchy. In the analysis that follows, two books are said to have the same category if they share at least one second-level category path. This definition is relatively liberal and will result in a high fraction of books sharing the same category. We also experimented with several alternative definitions: two books share at least one second-level category path comparing (1) only the top category; (2) only the two top categories; and (3) only the three top categories. Summary statistics for a selection of network/mixing constructed variables are given in Table D4 . We also see that, consistently with the findings of Oestreicher-Singer and Sundararajan (2008), on average about 44% of the neighbors up to a distance of five clicks from the reviewed book belong to the same category as the reviewed book, and only 1% were written by the same author. Breaking down category and author statistics (see Table D5 ), one can see that the percentage of books in the same category as the reviewed book drops as the distance from the reviewed book increases. An even sharper drop is seen (as expected) for books with the same author: The percentage of books with the same author among first neighbors is significantly higher. 
